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Development of Gait Analysis Prediction Model for the Willing
Patients with Lower Lands Using Deep Learning Algorithm
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[72¥ 2] Load Cell and Knee Angle of Artificial Leg Sensor, and
Gait was divided into 5 steps
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[72¥] 3] Example image of gait phase generated using Sliding
Window Algorithm
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[3% 1] Detail of the CNN Structure

Layer Name Kemel Size/Num Activation
Con2d_1 (2x2)/512 Relu
Dropout 0.3 X

Max
Pooling @D X
Con2d_2 (1x2)/256 ngj‘jj';g
Dropout 0.3 X
Con2d 3 (1X2)/128 Pa%ﬂ%g
Dropout 0.3 X
Fratten X X
Dense 128 Relu
Dense 5 Softmax
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[72¥] 4] Image of Cross Validation Method
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[ 2] Analysis and prediction performance of CNN model by

Gait phase
. Gait Analysis Gait Prediction
Gait Prase Precision/Recall Precision/Recall
LR 93.78% 94.25% 93.13% 95.04%
MS 94.02% 92.75% 86.58% 8972%
PO 95.61% 92.87% 89.14% 82.99%
ES 96.74% 93.34% 94.70% 91.24%
LS 95.87% 98.64% 95.37% 95.95%
Average 95.25% 94.23% 91.78% 90.98%
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