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2. 28
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T3} 5 TR ool A FEE A gk A A A E= Kolo] Bo AFutel. eubd oz Ao ¢17] wjito|
W 6] EloEel thek ATt STbskaL AR The e F7HE flEiA = Aol 78 AAAIE 102 A vae
FH Aeo] FHon Frhgry Ao vhekdk A4 ) ow AE JHEFol dAH. vt A= dub e
of oigt HHg H WS ovd | ¥ Vs &8 Z At JAE ol9)dl pellicle= ¥3atA B (23 1)
ok o2 @ T2 ojwA] A2, dlolE 4, e R 8 A
H| 20} 22 o7 opell 2 S 7 AL vk
Ty o7 Foell A Held 712 obAE 27] dAlelH,
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Generative Adversarial Network (GAN)E- ©]-8-3F 2|3} Ho|¥]
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(8 1] A2 245 2 e (Pretty 1A, Edgar WM, 2005)
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A Hle] JEE 7]5317] 9138to] periodontal disease index,
ngley Hein index, silness and Loe index, Navy system, O’
leary index EAIEE o] 3 A5 o] &5 A A =S| 7|5
= A8 e Qi BT EAlelt 2e 2AR

= dgolet: v2A sA e 4 e AXTE EAsHA .

2.1.1 Plaque percentage index(PPI)

PRI 2Ego] Z2IYL o] §ate] Hololx] g A
Bje] WA ok Al ZRIYS Tkl HA] Aol
A, A7k gl Relsk et Eske F910] FA%E =
Aspol QA AW At A FE Fohe AY (3
4 2)

18 2] 43 IAE elg el Haa Aol A Tos
A4 - a ez AokE B HolA b, d, f & AobE He F

(Staudt CB, 2001)

2.1.2 Fluorescein disclosing and digital plaque image
analysis (DPIA)
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2.2.1 Dental image segmentation algorism
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2.2.2 Generative Adversarial Network (GAN) algorism
Generative Adversarial Network (GAN)Z ©]-8-3F %] 3} t|o]¥]
A S ol &Stk S A= A E Ao} HlolHE 7
g dlo]H & F& ¥ Mask R-CNN 223} 44 9 dojg =
L334 2 dlolH 2 F9 F Mask R-CNN 22| 455
WE (1 5)

M

s

]

e

<Ground-Truth>

<Weight map>

<Mask R-CNN> <Mesk R-ONN + Weight Map>

[29 5] Weight Map¥} Mask R-CNNol| -8 & A3} H|1 Weight
Maps A &39S 4 &4 7 E(Object Detection)ol| Al 7 A4

A=l
Rl

b B S B = R
15220 | o RE 27] AWE Jdsh=d ool
AT
B AT E Qeld dueES ol &3 o} ojnA
KX

- 1030 -



RS

[1] Tan AE, Wade AB (1980). The role of visual feedback by
a disclosing agent in plaque control. Journal of clinical
periodontology 7(2):140-148.

[2]. Pretty IA, Edgar WM, Smith PW, Higham SM (2005).
Quantification of dental plaque in the research environment.
Journal of dentistry 33(3):193-207.

[3] Han SY, Kim BR, Ko HY, Kwon HK, Kim BI (2015).
Validity and reliability of  autofluorescence-based
quantification method of dental plaque. Photodiagnosis and
photodynamic therapy 12(4):587-591.

[4] Volgenant CMC, Fernandez YMM, Rosema NAM, van der
Weijden FA, Ten Cate JM, van der Veen MH (2016).
Comparison of red autofluorescing plaque and disclosed
plaque-a cross-sectional study. Clinical oral investigations
20(9):2551-2558.

[5] Pretty IA (2006). Caries detection and diagnosis: novel
technologies. Journal of dentistry 34(10):727-739.

[6]. Alammari MR, Smith PW, de Josselin de Jong E, Higham
SM (2013). Quantitative light-induced fluorescence (QLF): a
tool for early occlusal dental caries detection and supporting
decision making in vivo. Journal of dentistry 41(2):127-132.

[7] Gomez J, Tellez M, Pretty 1A, Ellwood RP, Ismail Al (2013).
Non-cavitated carious lesions detection methods: a
systematic review. Community dentistry and oral
epidemiology 41(1):54-66.

[8] Gomez J (2015). Detection and diagnosis of the early caries
lesion. BMC oral health 15Suppl1(S3).

[9]. Yoon HI, Yoo MJ, Park EJ (2017). Detection of proximal
caries using quantitative light-induced fluorescence-digital
and laser fluorescence: a comparative study. The journal of
advanced prosthodontics 9(6):432-438.

[10] Khudanov B, Jung HI, Kahharova D, Lee JW, Hamidov I,
Lee ES etal .(2018) .Effect of an oral health education
program based on the use of quantitative light-induced
fluorescence  technology in  Uzbekistan adolescents.
Photodiagnosis and photodynamic therapy 21 (379-384).

- 1031 -





