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Abstract Since the Internet provides a way of expressing and sharing Internet users' mindsets, corporate marketers
want to acquire measurable and actionable insights from web data. In the past, companies used to analyze the attitude,
satisfaction, and loyalty of consumers toward their brands using survey data, whereas nowadays this is done using
the big data extracted from Social Network Services. In this study, we propose a framework for clustering brand
names using the social metrics gathered on social media. We also conduct a case study of the automobile industry
to verify the feasibility of the proposed framework. We calculate the brand name distance for each pair of brand
names based on the total number of times that they are mentioned together. These distances are used to project the
brand name onto a 3-dimensional space using multidimensional scaling. After the projection, we found the clusters
of brand names and identified the characteristics of each cluster. Furthermore, we concluded this paper with a
discussion of the limitations and future directions of this research.
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Table 2. Co-mention matrix C

chkl Aol A R 339l HE9} A0 Al

Band |y | oks | ks | okp | O Sport 5 <Table 4> 2t
name deur age
i40 | 0.00000 | 0.00009 | 0.02159 | 0.03522 | 0.05742 0.02224
K3 | 0.00009 | 0.00000 | 0.03873 | 0.04594 | 0.00013 0.03852 Table 4. Coordinate value of brand names
K5 | 0.02159 | 0.03873 | 0.00000 | 0.04580 | 0.00332 0.04907 No ﬁﬂd < v 7 Cluster
K7 | 0.03522 | 0.04594 | 0.04580 | 0.00000 | 0.00385 0.02871 ©
Gran- 1 i40 8140 6780 | -.4860 1(m)
0.05742 | 0.00013 | 0.00332 | 0.00385 | 0.00000 0.00205
deur 2 K3 -2020 | 13499 | -7999 1(H)
3 K5 12093 | -3536 8898 1(H)
ng: 0.02224 | 0.03852 | 0.04907 | 0.02871 | 0.00205 0.00000 4 K7 -2586 | -1.6092 8296 3(®)
5 Grandeur | -.5776 A188 | 11346 | 3(4)
. . . 6 Velost 2506 7916 9664 3
Co-mention matrix®l] 37l A AA|E Al AAxk &2 coster ®
) ) 7 Sportage | 1.5989 | -9620 | -.0919 1(H)
& Ag3o] T U= o|gIe Al Aud Aue
= e N e = == 8 Santafe | 1.5965 | -9192 | -9957 | 2(@)
< > A|A| 3]
Table 3> A *13}sict 9 Sonata | -1.7885 | -2818 | .0138 | 3(4)
. . 10 Sorento | 2142 | -0437 | 2.1168 | 2(@)
Table 3. Distance matrix D
11 Soul | -1.0503 | .9351 -4515 3(@P)
Brand 40 3 K5 K7 Gran- Sport-
name | deur age 12 Avante | -1.8246 | -1.7659 | .0893 2®)
40 0.0 |107520 | 463 | 284 174 9667.0 13 Equus 3970 4472 | 13230 | 3(4)
K3 | 107520 00 | 258 | 218 | 7840.0 10941.0 14 Genesis | 14874 | -1.0582 | 2355 ()
K5 463 258 00 | 218 | 3016 53.0 i
15 Genesis | (053 | oa63 | 11422 | 34
K7 28.4 218 | 218 0.0 259.4 30.7 coupe
Gran- 16 Carnival | -1.7534 | -9258 | -.8659 2(@)
174 | 78400 | 3016 | 2594 | 0.0 6755.0
deur 17 Tucson | .3774 | 13086 | -1.0614 | 2(@)
18 Pride -3981 | 1.0439 | .2449 2(®)
Sg;: 9667.0 | 109410 | 53.0 | 307 | 6755.0 0.0 IStress = .18, RSQ = .82
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Fig. 2. Projected results of brand names
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Table 5. Intercluster and Intracluster distance

Cluster | Intercluster Intracluster | f(n) =
() | Distance (D1) | Distance (D2) | Do/ Dy < n(n—1)/2
2 233 24.87 10.66
3 6.83 19.98 1.03
4 14.43 17.18 5.04
5 25.45 12.45 20.45
6 38.84 10.52 55.39
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