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Abstract Test reports are used only to verify that a product meets the requirements, and they are then
left as filed documents. In quality control, verifications from these test reports are an important
procedure, but in complex systems, there are problems that are difficult to verify directly due to the
large number of documents. Thus, we present a model that automatically handles acceptance and
rejection of test reports using CNN techniques. Test reports that contain one, three, and six types of test
data were generated using a normal distribution random number with a standard as the median. The
deep learning network is based on a CNN and is configured with a learning network (including a
convolutional layer and a pooling layer), which is added in parallel through an Addition Layer when the
data exceed 1. Test-data learning confirmed accuracy of more than 99%. We also present a deep
learning network model that can be utilized in general test reports based on the learned results. Through
the presented deep learning network model, test report management can be efficiently conducted during
quality management without a human checking it. And it can be utilized not only for dimensions but

also for various quality elements.
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