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Abstract The detection and matching of feature points are mandatory procedures for accurate depth
estimation in stereo vision. The accuracy of correspondence matching is low unless sufficient numbers
of detected feature points are acquired. This paper deals with incomplete images that lose a
considerable number of pixels, and the detection and matching of feature points are performed using
a convolutional neural network (CNN). Once feature detection and matching are carried out using the
CNN, a comparison is made between the results of the fundamental matrix for both the cases of
complete and incomplete images. As part of this work, to evaluate our method, some regions of an
image are deleted so that an incomplete image can be generated. Once feature extraction is performed,

an RANSAC algorithm is employed for feature correspondence.
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Fig. 2. (a) A pair of images of complete pixels. (b) A
pair of stereo images with loss of image
pixels.
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Fig. 3. (a) A pair of images of complete pixels. (b) A pair
of stereo images with loss of image pixels.
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Fig. 4. VGG16 model used for feature detection
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Fig. 6. Examples of stereo images with incomplete
regions for experiments
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Table 1. Comparison of matching results
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