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Abstract This research aims to analyze the major research topics of the Expert Systems with Applications
(ESWA) journal and the trend changes in the topics by using the topic modeling method of text mining.
Eleven thousand nine hundred eighteen ESWA articles published from 2000 to 2021 were automatically
collected with titles, keywords, and abstracts. This text data was analyzed by Python and the latent
Dirichlet allocation (LDA) algorithm to obtain ten topic groups with the highest coherence score (0.409).
The ten topics obtained were optimization methodology (16.4%), knowledge model (15.7%), classification
applications (10.8%), feature selection (10.4%), prediction model (10.0%), and so forth. From the
viewpoint of the transition of these topics with time, it was found that the three topics of optimization
methodology, knowledge model, and classification applications were actively studied from a specific
time. In addition, by numerical analysis of the impact factor of articles, the topic of feature selection

showed the maximum value compared to other topics from 2009 to 2012.
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Fig. 1. A diagram of LDA model
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Fig. 2. A plot for number of articles analyzed
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Table 2. Results of topic modeling
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