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Abstract In the field of data mining, subspace clustering is always a difficult problem. In an actual
application environment, a data mining method for a data stream should efficiently extract knowledge
from a dynamic data stream that changes in real time, and should also efficiently search and extract
information from all subspaces of a multi-dimensional stream. This paper proposes grid-based subspace
clustering to predict change in cluster support. In each grid cell, information on data within the
corresponding range is maintained, and in the case of a high-density grid cell, the range is divided up
to precisely find a detailed boundary for the cluster. To quickly identify recent changes in the data
stream, the proposed method monitors the support for grid cells and predicts changes in order to detect
grid cells that will become clusters. Changes in the data stream are detected and reflected in real time
through such support prediction. The proposed method compares and analyzes various characteristics

through a series of experiments, and can find clusters faster by predicting the rate of change.
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Fig. 1. An example of multi-dimensional grid-cells
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Fig. 2. Performance Evaluation
() Accuracy comparison (b) Accuracy variation
(c) Memory usage
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