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Abstract The Korean Armed Forces Nursing Academy (KAFNA) once faced the possibility of being shut
down. Just like enterprises, The survival of military units or organizations within the military cannot be
guaranteed if they do not diagnose their identity and prove its necessity. On the other hand, an accurate
diagnosis is limited because there has been no research on the roles of KAFNA and nursing officers from
an external perspective before and after the crisis of the KAFNA closure. Indeed, analyzing external
perspectives is closely related to analyzing the credibility of the military, and such credibility can have
a significant effect on the outcome of battles or wars. This study used web-crawling and text-mining
techniques to analyze a vast amount of data on KAFNA and nursing officers posted online from 2011
to 2020. The K-Means clustering and Doc2Vec techniques used in the analysis vectorize the words
presented as opinions and perform clustering while maintaining the relevance with surrounding words,
ensuring the reliability of semantic analysis by cluster. This research technique is the first text-mining
technique to analyze the perception of KAFNA and nursing officers from an external perspective, and
the study results show that the external perception is positive.
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Fig. 1. Research framework
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