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Abstract The diversification of options trading, which had previously relied solely on the trading of
monthly options, has been achieved through the introduction of weekly options. The purpose of this
study was to predict the volatility of weekly options using the generalized autoRegressive conditional
heteroskedasticity (GARCH) model and analyze the performance by setting option selling entry strategies
based on moving averages. Through the optimization of volatility and directional classification models
from September 2019 to October 2022, the proposed investment strategy achieved a cumulative
period-weighted return of 131.97% with 51% of trades occurring during the entire period, while reducing
investment risk. This study empirically analyzes and presents a new investment strategy based on the
volatility and directionality of options that expire weekly. Future research should focus on strategies that
avoid entry due to increased volatility and additional studies on strategies based on monthly option

expiration dates.
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Fig. 1. Monthly trends of options trading volume
(2019.09 ~2022.10)
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Table 2. Proposed trading strategy

Panel A: Trading based on the forecasting of market or volatility

direction
Market Volatility
direction strategy direction Strategy
Up long call, short Up long call, long
put put
Down short call, long Down short call,
put short put

Panel B: Trading based on the forecasting of market and

volatility directions
Table 1. The cross ratio between the KOSPI200 futures Market
index and the 3-week moving average Up Down
(1997.12 ~2022.07) Up Jong call long put
Volatility
Types of Toral Down short put short call
moving wgeis Cross Non-cross | Cross ratio Panel C: Proposed trading strategy based on the forecasting of
averages market and volatility directions
Weighted Market
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average Up Down
. . Up - -
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Table 5. Risk-adjusted Performance of competing
strategies
Strategy Indicators
Annualized Annualized
o Sharpe
return volatility
Proposed 37.41% 0.2182 1.6799
Short straddle -21.06% 0.7430 -0.3003
Moving-average | 5) 150, 0.4442 0.4704
short
AVS 10.61% 0.2877 0.3254
Naive volatility 9.60% 0.2179 0.3832
LPM1 sqrt(LPM2) Beta
Proposed 0.3679 0.1477 0.1037
Short straddle 4.4532 0.8714 1.3409
Moving-average | 3 47, 0.5545 -0.1612
short
AVS 0.7651 0.2942 -0.0614
Naive volatility 0.7636 0.2155 -0.0281
Omega Sortino MDD
Proposed 1.9082 2.2628 11.64%
Short straddle 0.9437 -0.2876 79.62%
Short 1.0577 0.3474 62.28%
AVS 1.0865 0.2249 29.00%
Naive volatility 1.0734 0.2600 21.175
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