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Abstract The potential for predicting the quality of peaches within a Controlled Atmosphere (CA) storage
facility was determined post-harvest using environmental data collected inside the facility. The weight
loss rate of peaches during storage in the CA storage facility was predicted using the saturation vapor
pressure deficit method and artificial neural network analysis. Predicted and measured values were
compared, and accuracies were expressed as determination coefficients (R?). The deep neural network
model and the saturation vapor pressure deficit method predicted similar average storage weight loss
rates. The determination coefficient (R? for individual sample predictions was 0.93 for the deep neural
network and 0.77 for the saturation vapor pressure deficit method, indicating that the deep neural
network yielded superior results. Prediction fitness decreased when the storage period was extended to
21 and 28 days, indicating model incompleteness. More data is required to improve the fitness of

predictions made using artificial neural networks.
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W, . Weight loss rate per 1 day
k value : Transpiration coefficient
VPD : Vapor Pressure Deficit

RH : Relative Humidity

VP : Vapor Pressure (RH 100%)
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Fig. 1. Deep Neural Network Model
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Fig. 2. Weight loss rate using VPD(Vapor Pressure
Deficit) method applying different k-value
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