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Abstract In contemporary military settings, emphasis is placed on the importance of precise and swift
communication and dissemination of information. The utilization of speech recognition for information
relaying and the operation of unmanned weapon systems is crucial, especially for soldiers involved in
combat who are required to carry weapons with both hands. In this investigation, speech recognition
models based on the Transformers model were fine-tuned using Korean military terminology speech
data, which was categorized into military regulations, military glossaries, and military publications. The
performances of these three fine-tuned models were assessed and compared. All three performed better
than existing speech recognition models, and the model trained on military regulations performed
exceptionally well. The study suggests that incorporating tactical concepts and characteristics utilized in
the military into the data learning process can markedly enhance the performance of speech recognition
models when applied to military data. The study validates the potential military applications of

Transformer-based speech recognition models.
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Table 1. Datasets used for training & evaluation of

models
Data Time(hours)

Military Regulations 10

Train Military Glossaries 10

Military Publications 10

Test Mix 2

All 32
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Table 2. Hyper-parameters applied to experiments

Hyper-parameters Value
Learning-rate le-05
Batch size 32
Number of Epochs 10
Weight Decay 0.01
Optimizer Adam
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Table 3. Performance evaluation result by medels

Model CER(%) WER(%)
Military Criminal 7.94 4.21
Military Dictionary 12.36 6.97
Military Publication 8.42 4.54
Existing Whisper 13.68 7.01
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