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Abstract This paper proposes a promotion prediction model based on Bayesian networks. Promotion
within an organization plays a crucial role in human resource management, as it helps select the desired
talents. Various evaluation methods are used to select candidates for promotion. Ensuring a fair
evaluation of multiple factors to select individuals who align with the desired talent profile is as crucial
as verifying whether each factor is reflected in the actual promotion assessment results. A differential
scoring allocation is commonly used to reflect the importance of factors in promotion selection. On the
other hand, the impact of those factors on promotion diminishes significantly if the discrimination
ability of each evaluation score for promotion candidates is low. This study used the Naive Bayes model
to identify factors with significant influence. Moreover, the reputation scores, presently used as
reference materials, carry sufficient value as criteria for promotion evaluation. Through this research,
it becomes possible to discover the factors genuinely impacting promotions, offering valuable insights

for formulating promotion-related policies.

Keywords : Military Officer, Promotion, Human Resource, Bayesian Network, Machine Learning

*Corresponding Author : Yongjin Jang(Korea National Defense Univ.)
email: knowhere53@naver.com

Received February 28, 2024 Revised April 3, 2024
Accepted May 3, 2024 Published May 31, 2024

221



ARl ekleEA) A25A AT, 2024
1. M2

QAo Qlof WS AU 71 EAS ot

dolth. 53] # 282 4ot Aol F3% 280z

Fol 24 ol Qe 2ARc} o Ackn & 4 9

oHIL 2 242 25 A3 AA e Bske] 24

o4 Fa3 Az
g 2% AR AFA)

=
oA e AEERE 53

2

el 2o A

e, TBMI2000)9] dTolM e S A A
Azl gt S AAISHEA, 2 Aol A5
2 A= AR S R Aol 7831(2014)=
o ARREZE Rl wht Hss o, 22oA
o] FYEY 284S SAIskE WFe= A At
a1 HITH2]. o] &0 vAls ol 2L, AL A
A A2 229 Hal AYgAe] T ARe7|=

e
i

> o
L

_?_lt‘
0%}
£

=

%0 ol md ok
Lﬂ?m
N

o
s

o:
o)

AT AIE &g
o, Al 49 712= glo]gof] 7]
A T Aol HFHQ Aol B
A B Atof A I3t Lo Hjo]= mdl

A4 sk S d7=0°] BoY AR & &

2. giojlg % 2Ag

2.1

OH

= Zu g GIoH

222

# 479 g7l A7 2Y A7E il 32
el A3 dolekg TR 4 717 20194
2] 20234 Aelole], 59 AF A 20139 A
T Wk AnE A

B2 I AT WIS B 13} Zo] 27 3
N A%, FET B, B9 A AR Y 94, B

A g%, ARAY, R Bk 9he 2YE

By, 2

Pas

FEI YrHEIEEL 1, EFEL 0)°l Higt 71s8A
& Table 13} 2081, 3 Stee] B A5t Ak
TR R AF=l= a2 B7HS] BHI=A] g
Table 1. Descriptive Statistics of Variables
Variable Mean SD Min Max
Work Performance 27.6 0.91 17.4 30
Position 9.86 0.55 0 10
Merit 4.76 0.83 0 5
Education 8.33 1.16 0 10
Recommendation 19.33 0.89 0 20
Punishment -0.07 0.50 -7 0
Security Score -0.003 0.04 -1 0
Physical Fitness 4.63 0.22 3.8 5
Capability 1 3.05 1.10 1 5
Capability 2 3.02 1.11 1 5
Capability 3 3.02 1.11 1 5
e 0 1
Selection Status 0.43 0.49 (Fail) (Pass)
Reputation of 1647 | 289 | 619 | 25
Superior
Reputation of Peer’ 14.78 2.24 1035 | 24.36
Reputation of _ - -
Subordinate’ 16.51 2.58 1.75 25

*Reputation is excluded from evaluation score
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Table 2. Compairson of Prediction Accuracy

Predicted
Basic model
True False
True 207 104
Actual
False 79 242
Predicted
Reputation Added Model
True False
True 248 63
Actual
False 59 262
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