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Face Recognition Using Modified Two-Dimensional PCA
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Abstract In this paper, we propose a face recognition method using modified 2-D PCA. While the previous
PCA method computes the covariance matrix by using one dimensional vectors, the 2-D PCA method computes
the covariance matrix by directly using direct two dimensional image, and extracts the feature vectors by
solving eigenvalue problem. The proposed method recognizes the faces by applying the modified 2-D PCA to
face images and it gets linear transformation matrix using two covariance matrices. The experimental results
indicates that the proposed method improved about 1% and achieved more stability in recognition rate than
conventional 2-D PCA.
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