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Named Entity Boundary Recognition Using Hidden Markov Model
and Hierarchical Information
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Abstract This paper proposes a method for boundary recognition of named entity using hidden markov model
and ontology information of biological named entity. We uses smoothing method using 31 feature information of
word and hierarchical information to alleviate sparse data problem in HMM. The GENIA corpus version 2.1
was used to train and to experiment the proposed boundary recognition system. The experimental results show
that the proposed system outperform the previous system which did not use ontology information of hierarchical
information and smoothing technique. Also the system shows improvement of execution time of boundary
recognition.
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# of sentence 5,781
# of words 161,462
# of named entities 26,170
# of words in Nes 54,191
# of words not in NEs 107,271
Av. Length of NEs 207
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1 STOPWORD of, for 17 SEMOCOLON

2 SINGLE_CAP M 18 APOSTROPHE ‘

3 TWO_CAPS RalGDS 19 OPEN_PAREN (

4 INIT_CAP Interleukin 20 CLOSE_PAREN )
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