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Implementation of Variational Bayes for Gaussian Mixture Models
and Derivation of Factorial Variational Approximation
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Abstract The crucial part of graphical model is to compute the posterior distribution of parameters plus with
the hidden variables given the observed data. In this paper, implementation of variational Bayes method for
Gaussian mixture mode! and derivation of factorial variational approximation have been proposed. This result
can be used for data analysis tasks like information retrieval or data visualization.
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