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Weather or collisions can cause unpredictable situations, such as malfunction of environmental sensors or disconnection of cables.
In addition, safety from environmental sensors is an important factor for the development of fully autonomous vehicles. Therefore,
this paper aims to develop a fail operational system in preparation for sensor failure in an autonomous driving system. The
proposed fail operational system consists of fault diagnosis and signal generation for cameras and LiDAR sensors. First, sensor
fault diagnosis is implemented based on fault codes. Second, the signal consists of object recognition and relative distance
estimation. The performance of the proposed system was analyzed through system integration, and it was confirmed that it operates
robustly at a speed of about 25 FPS even in the event of a failure.
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