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(d) (e) (f)
[1%) 5] Az% A 73 Ay} ¥]al (a) low light image, (b) GLADNetl3], (¢) KinDI4], (d) LLFlow[5], (¢) Zero-DCEI6], (f) normal light image.
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PSNR 1 SSIM 1 DeltaE |
Low light 8.362 0.043 38.022
GLADNet 11.506 0.057 8.034
KinD 10.878 0.033 1.225
LLFlow 10.771 0.049 14.257
Zero-DCE 10672 0.050 23.151
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