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- Total Energy Use from Electricity(MW) [Dependent Variable]

- Day(Mon, Tue, Wed, Thu, Fri, Sat, Sun)

- DayType(0: Weekday, 1: Weekend)

- Season(Spring, Summer, Autumn, Winter)

- Precipitation millimeter per hour (mmvhour)

- Temperature (°C)

- Amount of power per area from the Sun on the Earth’s surface(W/m?)
- Amount of power per area from the Sun at the top of the atmosphere(W/»:?)
- Total amount of snow on exposed ground(mnv/H)
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- Total amount of snow on exposed ground(cm)
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~ Mass per unit volume of Earth’s atmosphere(kg/m*)
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BaseLine(ARIMA)

826.7 | 707.7 4.61
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CVM Random Forest 1 (19.) | 17.7) | (0.12) 777
750.4 | 639.8 4.13
CVM Random Forest 2 (19.3) | (17.8) | (0.12) 9.75
% 7] Random Forest tH] X% Hit 7EE(%)
2E S ko ok
§
N 10 o L] MO 10D 200 M)

RMSE of Aanden Foiest RNEE ol Rawdon: F o

3.0

2.5

Wrong Prediction

Impacted by Mean regressor

Impacted by Upper " — True
Quantile regressor i - Mean
14 --- Q25
! === Q75
ri f— QUrS

Implicted by Lower Quantile Yegressor 10

[2% 3] CVM= &

15 20



N
= Mo o
o &2 m rlo po

o
wo o o
o = o

=)

1>

£

e

e

N,

fo e
ro

rE s
ool

2
¥
=

of
%
o

-

Tﬁ
%0,
RO

i
Aul
=
2 rir

>
W
Py
e

=T
o
=
T
L e
p e
>

ox >
lo i

&
4 g
my
=
o,
ofr
L

K

wy L&

L
o
[

=

&
A o
RS

ol

B
tlo
2
B\
ol
N
tjo i{%
o,

M
ki
|
et
oz

off TR X oE [0 mB ox ¥
rE
oot

ofr
o
£
anj
Ho
o
R
o

yu)
=
o2
o

i
lo

R
JE

o

ity

)

O

o
o e

2 e 2

B ou

©

o
o
2L

2
o,
Bl

o
A8 B 3o oo o

S TN )

otk

fuf
it

k=l

1=

N
e
ofr

o,

HN

o
ki
il

o,
= 1

=2

ox

i)

r

ot

0 r_)i

X,

ol

o
N
2,

o
-

oo fo
QL

I
e

%
(1]l A
il

!
N

[
T
k=
12
tlo

a
os}

b

o
>
=

)
[e2

o
£

ta
oft

!

1 T O = o I
) o
fo
2

obHi

)
=
rom
Q
o
H
il

ol
Ol
>
o 2

)
oz Mz L

o

=

oS
ot
r2
fo 41
=
far ot
oo
i
Ev)
rlr
o
[o

De)
=2
R
EL
&

e

R HE 2R
=
[ T
P 2
o 4
11
ok

s
o

of
)

e
oH
X

olf
=2

o)
o>
©

o
X
olr

=k 37

2

=
o

[1] 2F &2, “20239 % A s AlPA &)

[2] Allen, Myles R., et al. "Net zero: science, origins, and
implications.” Annual Review of Environment and
Resources 47 (2022): 849-887.

[3] Breiman, Leo. "Random forests.” Machine learmning 45
(2001): 5-32.

[4] Caineng, Z. O. U, et al. "The role of new energy in

carbon neutral.” Petroleum exploration and development

482 (2021): 480-491.

Chakhchoukh, Yacine, Patrick Panciatici, and Lamine

robust methods.” IEEE Transactions on Power Systems

26.3 (2010): 982-991.

Cheon, Youngho. "Review of global carbon neutral

(5]
"Electric load forecasting based on statistical

[6]
strategies and technologies.” Journal of the Korean
Society of Mineral and Energy Resources Engineers
59.1 (2022): 99-112.

Meinshausen, Nicolai, and Greg Ridgeway. "Quantile

regression forests.” Journal of machine learning

research 7.6 (2006).

Nti, Isaac Kofi, et al. "Electricity load forecasting: a

systematic review.” Journal of Electrical Systems and

Information Technology 7 (2020): 1-19.

Koenker, Roger, and Gilbert Bassett Jr. "Regression

quantiles.” Econometrica: journal of the Econometric

Society (1978): 33-50.

[10] Rhys, J. M. W. "Techniques for forecasting electricity
demand.” Journal of the Royal Statistical Society.
Series D (The Statistician) 33.1 (1984): 23-33.

[11] Said, Said E., and David A. Dickey. "Testing for unit
roots In autoregressive-moving average models of
unknown order.” Biometrika 71.3 (1984): 599-607.

[12] Stekhoven, Daniel J., and Peter Bithlmann. "MissForest
—non-parametric
mixed-type data.” Bioinformatics 28.1 (2012): 112-118.

[13] Suganthi, L., and Anand A. Samuel. "Energy models
for demand forecasting—A review.” Renewable and
sustainable energy reviews 16.2 (2012): 1223-1240.

[14] Von Winterfeldt, Detlof, and Ward Edwards. "Decision
analysis and behavioral research.” (1993).

missing value imputation for

- 184 -



