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Preprocessing

Test Set Performance Evaluation

Model  Description

Input Size Data Refinement Image Processing Accuracy Loss Macro F1
01 Baseline Model 0.8949 0.3766 0.8928
op Wit IMAEe (320, 320)  Outlier Removal, 0.8922 0.3348 0.8915
Distribution-Based
. Sampling Canny Edge
03  HPO Applied Detection(Overlay) 0.9515 0.2004 0.9515
04  Slice-Based 5 50 0.9650 N/A 0.9648
Ensemble
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